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Input: training data D=<x,,y,>...<X\,Y>, feature
functions T={f;}, initial parameters A={A;}

Output: optimal parameters A

loop until A converges
foreach <x,y> € D
Z’ ;= argmax, p(z[x;\)
if(y#2")
foreach f; & f

L A=A+ (X y) = Ti(x, 20)
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